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Abstract

Short-form video platforms have become major channels for misin-
formation, with their rich multimodal features making false claims
highly believable. HCI research shows that providing corrections
in the same modality as the misinformation can be an effective so-
lution. However, since corrections and misinformation convey con-
tradicting information, the order in which one is exposed to them
can impact what one believes. We conducted a between-subjects
mixed-methods experiment where participants (N=120) rated the
credibility of misinformation statements before and after viewing
misinformation videos paired with correction videos. Corrections
were shown either before, during, or after misinformation. Across
all three timings, corrections reduced belief in misinformation, but
post-exposure corrections proved most effective and mid-exposure
corrections least effective. These findings suggest that correction
mechanisms should appear after misinformation exposure, while
avoiding mid-exposure interruptions that reduce impact. We out-
line design recommendations for integrating correction videos into
short-form video platforms to improve resilience against misinfor-
mation.
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1 Introduction

The ability to convey messages through multimodal communica-
tion, creating a realistic and immersive experience in the viewer’s
mind, has made videos more persuasive than other modalities [113].
Historically, online video content predominantly existed in the
form of long-format videos (e.g., YouTube). However, short-form
videos have become increasingly popular due to platforms such as
TikTok, YouTube Shorts, Instagram Reels, and Facebook Reels, mak-
ing short videos one of the most widely consumed content formats
online [72]. Due to the widespread reach and rapid consumption of
short-form videos, these platforms have also increasingly become
breeding grounds for misinformation [83].

Although platforms have a responsibility to ensure that users
access and engage with credible information, their business models
often prioritise user retention and engagement. This is achieved
largely through mechanisms of virality and algorithmic amplifica-
tion, which favour sensational content over accurate and reliable
information [104]. As a result, platforms frequently neglect their
responsibility to safeguard information credibility [5, 50, 121]. In-
stead of implementing direct and robust approaches, they tend to
rely on softer moderation strategies, such as warning labels or links
to third-party fact-checking sources [55, 120, 126]. For instance,
TikTok uses banner warnings on suspect content to discourage
users from sharing videos that may contain misinformation. When
users encounter such videos, a banner appears near the top of the
screen if the content has been reviewed by TikTok’s fact-checking
partners and could not be validated [46]. Similarly, YouTube has
fact-checking information panels that display third-party verified
articles above search results for relevant queries, providing addi-
tional context so users can make more informed decisions about
the claims presented in news content [127].

While soft moderation techniques may work in more static or
less dynamic environments, they are largely ineffective on fast-
paced social media platforms [62]. Subtle nudges toward correct
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information often go unnoticed [38, 105], and even when users do
see them, they require an additional step, such as clicking through
to an external site to access accurate information. This disrupts
the seamless experience that these platforms are designed to sus-
tain, meaning most users simply ignore the correction [38]. More
critically, misinformation on video-based platforms is consumed
in a rich, multimodal format that is highly persuasive. Textual la-
bels or external links cannot match this persuasive force. To truly
counter misinformation in these rich, dynamically changing envi-
ronments, corrections must be delivered in the same modality as
the misinformation itself [37].

Video-based corrections, commonly referred to as debunking
videos, operate by presenting factual information in video format
to the original misleading content [7]. These videos are designed
to directly counter false claims, often using the same visual and
narrative techniques that make misinformation persuasive on video-
sharing platforms. These correction videos are typically produced
by experts or individuals with relevant expertise who aim to directly
address the misinformation being circulated. A notable example is
during the COVID-19 pandemic: as medical misinformation spread
widely across social media, many healthcare professionals created
and shared debunking videos to counter false claims and provide
accurate, evidence-based information [104].

Currently, debunking videos may be encountered at unpre-
dictable points in a user’s online journey due to the way they
are distributed. As a result, some users are exposed to a correction
video before encountering the misinformation, while others only
see it afterwards, if at all. The timing of corrections is critical as it
shapes how people process and evaluate information. A correction
seen before exposure to misinformation may act as a “prebunking”
or inoculation, preparing viewers to resist false claims [12, 100]. A
correction delivered after exposure could act as a form of feedback,
enhancing long-term learning and memory [44]. If a correction
is presented during the exposure to misinformation, it can inter-
rupt the processing of the false content while simultaneously offer-
ing an immediate alternative explanation. This could also support
knowledge revision [12], as people are more likely to update their
understanding when the misinformation and the correction are
coactive [61]. The simultaneous presentation allows users for direct
comparison, making it easier to replace the false claim with the
accurate one. Taken together, these perspectives raise a central
question: when is the most effective time to present correction
videos - before, during, or after exposure to misinformation?

Despite extensive work on misinformation corrections, most re-
search on the timing of corrections has been conducted in text-based
contexts, with mixed results reported [12, 24, 97, 98]. While some
studies find that corrections are most effective when presented af-
ter misinformation exposure [12, 24], others report that timing has
minimal or no influence on how well corrections work [97, 98]. At
present, there is no clear understanding of when corrections should
be presented in short video environments. While insights from
text-based studies are valuable, it is unclear if they can be directly
applied to dynamic, rich-media short video platforms like TikTok.
Unlike text, short-form videos deliver information rapidly across
visuals, audio, and narrative, heightening attentional capture and
emotional engagement [99]. This multimodal presentation makes
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video content more immersive and memorable [45], and also fun-
damentally changes how information is processed [19]. Studies of
short-form video platforms (e.g., TikTok) further show that design
features such as autoplay, continuous feeds, and tightly edited clips
encourage rapid, low-effort consumption and emotional engage-
ment, which differs from the more deliberative, self-paced nature
of reading [84]. As a result, the optimal timing of corrections in
video contexts may differ from text-based settings, where cognitive
demands and attention patterns are not the same.

Thus, in this paper, we examine how the timing of a correction
influences the perceived credibility of misinformation in short-
form videos. To achieve this, we conducted a between-subjects
experiment with 120 participants. Participants viewed and rated
the perceived credibility of misinformation statements both before
and after exposure to misinformation videos. These videos were
presented with an accompanying correction video, introduced at
one of three timing conditions: prior to the misinformation video
(Tstart), during the misinformation video (T,,,;4), or after the mis-
information video (T,,4). By analysing the credibility ratings, we
examined the likelihood that participants would reduce their trust
in misinformation statements across the different timing conditions,
in order to identify which timing was most effective. We concluded
our experiment by asking participants open ended questions to
further understand their preferences for the correction placement
and how it influenced their interpretation of the misinformation
statements. We found that providing a correction video at any of
the three timings was effective in reducing belief in misinformation.
However, corrections were most effective when presented after the
misinformation video. To further contextualise these findings, we
explore participants’ qualitative reflections on the correction tim-
ings, offering insights into why certain placements were perceived
as more effective than others. We conclude by discussing how our
findings can be used to mitigate the spread of misinformation in
short-form video platforms.

Our work contributes to misinformation research in three key
ways. First, by systematically testing correction timing in the con-
text of short-form videos, we fill an unexplored research gap that
has predominantly examined text-based corrections. Second, we
empirically show that for short-form video misinformation, correc-
tions are most effective when delivered after the misleading content
rather than during it. Third, drawing on this finding, we outline
how platforms can incorporate timing-sensitive design strategies to
improve the delivery and effectiveness of video-based corrections.

2 Related Work

Misinformation is defined as information that is inaccurate accord-
ing to expert consensus at the time of dissemination [123], and
shared regardless of intent [4, 56]. Although the dissemination may
lack malicious intent, misinformation spreads rapidly; particularly
on social media platforms, amplifying its potential impact. The neg-
ative effects of misinformation are evident at both individual and
societal levels [29], as it can lead to ill-informed decisions with se-
rious economiic, social, and health-related consequences [9, 69, 71].
In the following sections, we start by examining the literature on
tackling misinformation on short-form video platforms. We then
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highlight the role of corrections as a key approach to reducing the
influence of online misinformation.

2.1 Misinformation in Short-Form Video
Platforms

In the past, misinformation was primarily disseminated in text for-
mat, largely due to the text-based nature of early social media plat-
forms and the relative ease with which text-based misinformation
could be created and shared. However, with the rapid advancement
of technology and the evolution of social media, the ways in which
people consume information have shifted significantly. Today, users
increasingly rely on media formats such as images and videos to
communicate, creating new dynamics in information exchange.
According to Media Richness Theory [23], the effectiveness of in-
formation delivery is shaped by the richness of the communication
medium, defined by its capacity to convey multiple cues, provide
immediate feedback, and express personal context. Rich media
such as images, audio, and videos have therefore become domi-
nant modes of communication, rendering misinformation more
engaging, persuasive, and difficult to detect [2, 65].

In videos, visual and auditory information are synchronised,
making message processing more natural and closer to real-life
experiences, which in turn enhances perceived truthfulness [124].
Moreover, videos employ various persuasive strategies such as
engaging visuals, compelling audio, and authoritative narration that
make the information appear more coherent and convincing [28].
Consequently, video-based misinformation tends to be shared more
widely than text- or audio-based misinformation, driven by this
heightened sense of perceived credibility [113].

Videos can be particularly effective because their multisensory
nature supports long-term information retention, as explained by
dual coding theory [19]. This theory posits that the brain processes
information through two interconnected channels; verbal and vi-
sual. By engaging both simultaneously, videos strengthen memory
recall. In fact, prior research has shown that learners who processed
visual and linguistic information simultaneously retained nearly
twice as much as those who focused only on auditory or linguistic
input [22].

These same multimodal features also make misinformation de-
tection more difficult. Assessing accuracy in rich-media content
requires evaluating not just text, images, or audio individually but
also the combined meaning they convey [2]. A benign statement
paired with an unrelated but emotionally charged image can pro-
duce a misleading implication even if neither element is factually
incorrect on its own. Although numerous detection models have
been developed in the past decade [54, 106], most rely on a single
modality, such as text [36, 47] or images [1, 51] and therefore miss
crucial cross-modal cues. Ensemble approaches that merge inde-
pendently trained models across modalities [39, 107] offer some
improvement, but simply combining separate modalities often fails
to capture how those elements work together to create misleading
messages [2]. These limitations help to explain why multimodal
misinformation is particularly challenging to detect, especially on
dynamic audiovisual platforms like TikTok. A platform originally
designed for entertainment content such as dance and music, now
hosts a rapidly growing volume of misinformation [41].
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Given the highly persuasive and potentially harmful nature of
video-based misinformation, the HCI community has increasingly
turned its attention to this issue. Research in this space has exam-
ined several key avenues, including how misinformation spreads
on video platforms [15, 52, 88, 122], how users perceive and en-
gage with such content [3], how they assess its credibility [43],
and what types of interventions may be effective in mitigating
its influence [38, 41]. Prior work shows that users often encounter
misinformation incidentally rather than actively seeking it [43].
While platforms employ de-recommendation strategies to reduce
exposure, which can decrease the spread of targeted content, such
measures may inadvertently draw attention to related conspirato-
rial material [15]. Hassoun et al. [43] argue that the most effective
approaches embed solutions and strategies for addressing misinfor-
mation directly within the social contexts of online interaction.

Currently, short-form video platforms, including TikTok and
YouTube Shorts, primarily rely on soft moderation strategies. In-
stead of removing misinformation outright, these approaches allow
content to remain on the platform while attaching informative
labels or contextual notes to indicate the material may be mis-
leading. Platforms often favour this approach because hard mod-
eration, such as removing content or suspending accounts, can
create perceptions of censorship, position the platforms as arbiters
of truth [34], and disrupt their business models that depend on
maximising user engagement and retention. However, existing soft
moderation techniques face important limitations: they are often
not prominently visible, making them easy to overlook [105], and
when clicked, corrective links frequently redirect users to external
sources. This additional step requires effort, making it less likely
that users will actually engage with corrective information [38],
thereby reducing the overall effectiveness of such interventions.
Given these challenges, researchers have increasingly turned to
direct correction strategies as one of the most promising ways to
mitigate misinformation.

2.2 Correcting Online Misinformation

Prior research in HCI has examined a variety of strategies to address
online misinformation. One of the most popular and effective strate-
gies is the use of corrections, commonly referred to as Debunking.
Debunking is defined as the mechanism of exposing the incorrect-
ness of the misinformation claims [70]. Unlike interventions such
as warning labels or fact-checking links, which primarily serve as
nudges encouraging users to seek accurate information, debunking
directly addresses misinformation by presenting corrective content.
Rather than relying on users to pursue additional sources or rein-
terpret information on their own, debunking supplies the accurate
explanation alongside the false claim, thereby reducing ambigu-
ity and offering a clear alternative narrative, making debunking a
powerful strategy against misinformation [104].

Previous work has explored different dimensions of corrections
to better understand their mechanisms and the factors that con-
tribute to their effectiveness. One concern has been whether repeat-
ing misinformation during a correction might backfire by increasing
its familiarity. However, Ecker et al. [29] found no evidence of such
a familiarity backfire effect, suggesting that it is both safe and of-
ten useful to restate misinformation before correcting it, as this
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ensures clarity about which claim is being refuted. At the same
time, the effectiveness of fact-checking depends on the credibility
of the source delivering it, with prior work showing that users are
more receptive when the source is familiar or trustworthy [40, 75].
Interestingly, Bode et al. [10] demonstrated that even observing
someone else being corrected can reduce belief in misinformation.
The tone of corrections, however, appears less important: Martel
et al. [76] found that whether corrections were delivered in a direct
or hedged style, and whether they offered simple or detailed expla-
nations, these stylistic differences did not significantly influence
engagement or acceptance. Similarly, Kotz et al. [67] compared two
structural approaches, “bottom-heavy” corrections (misinformation
first, followed by correction) and the “truth sandwich” (accurate in-
formation, misinformation, then correction), and likewise reported
no significant differences in effectiveness.

As correction and misinformation present conflicting informa-
tion, the sequence in which they are delivered can significantly
affect individuals’ memory and comprehension [24]. Therefore, the
timing of the corrective information may be a critical factor in the
overall effectiveness of debunking efforts. However, the findings
in this matter remain mixed. Along with examining the coherence
between correction and misinformation, Dai et al. [24] investigated
whether the timing of text correction; before versus after text mis-
information affected its corrective impact. The results showed that
corrections were more effective when presented after the misin-
formation, especially when paired with a coherence-enhancing
message. These effects were not only immediate but also persisted
for at least one week following the initial exposure. A similar find-
ing was also reported by Brashier et al. [12] when the authors
examined whether fact-checking labels placed before, during, or
after exposure to misinformation articles were most effective. They
also reported that the most effective timing is seeing it after the ex-
posure to misinformation. However, Rich and Zaragoza [98] found
no evidence that the timing of correction significantly influenced
its effectiveness. In their study, corrections were delivered either
minutes after initial exposure to misinformation or after a delay of
two days. Regardless of the timing, the immediate effectiveness of
the correction remained unchanged. In contrast, Craig and Vijayku-
mar [21] observed that when infographic-based corrections were
followed shortly by re-exposure to the same misinformation, the
initial corrective effects weakened, suggesting that misinformation
can ‘undo’ the correction if it is encountered soon afterward. Nev-
ertheless, Prike and Ecker [97] argue that the order of presentation
may matter less, reporting that corrections are likely to be simi-
larly effective whether delivered pre-emptively (i.e., prebunking)
or after exposure, with timing having limited impact on overall
effectiveness.

While these findings provide valuable insights, most prior re-
search has focused primarily on text-based misinformation. Yet
misinformation is no longer confined to textual formats; it has in-
creasingly evolved into richer modalities such as video. Video-based
misinformation poses distinct challenges because it is often more
engaging, persuasive, and difficult to scrutinize compared to text,
making it potentially more harmful. For example, Wittenberg et al.
[124] found that individuals were more likely to believe a political
event occurred when the information was presented in video rather
than text. Similarly, Sundar et al. [113] found that video-based news
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is often perceived as more credible and is more likely to be shared
compared to textual formats. This makes misinformation videos
particularly dangerous, as they can more easily create false memo-
ries and lead individuals to make misinformed decisions [14]. At the
same time, prior research has shown that video corrections are more
effective in countering video misinformation [7, 37] and are also
more impactful than lengthy fact-checking articles in correcting
misinformation [125].

Existing studies highlight the advantages of modality-matched
corrections, yet an important question remains under-explored:
does the timing of a correction within a video influence its effec-
tiveness? Although prior work on text-based misinformation has
examined correction timing, its mixed and contradictory findings
offer little guidance for video-based misinformation. Moreover, the
multimodal, rapid, and attention-fragmented nature of short-form
videos warrants additional investigation into the appropriate tim-
ing of corrections. Understanding when a video correction should
appear is crucial, as timing may affect not only whether viewers
notice the correction but also how they process and integrate it into
their beliefs. Despite the growing prevalence of video-based mis-
information, no prior research has systematically investigated the
temporal dynamics of video corrections. This study addresses this
gap by examining how the timing of corrections influences their
effectiveness in reducing the believability of video misinformation.

3 Method

To explore whether the timing of short-form video corrections
influences perceived credibility change, we conducted a between-
subjects survey-based experiment employing a mixed-methods
design. This approach enabled us to capture quantitative measures
of perceived credibility change and qualitative insights into how
the timing of corrections affected participants’ beliefs and their
preferences regarding the intervention. All procedures received
approval from our university’s Human Research Ethics Committee.

3.1 Stimuli

Our study involved participants rating the credibility of misin-
formation statements before and after seeing misinformation and
correction videos. To systematically develop our stimuli, we first for-
mulated a set of criteria to guide the selection process. These criteria
were intended to ensure that the misinformation statements and
the accompanying videos were both realistic and believable, while
also minimising potential confounds that could bias participants’
responses. The following subsections detail the criteria applied in
the selection of misinformation statements and the corresponding
videos.

3.1.1 Misinformation Statements. The misinformation statements
used in the study were selected according to several criteria to en-
sure their suitability. First, the statements could not be overly polit-
ically charged or ideologically polarising, as exposure to politically
sensitive topics can activate participants’ pre-existing attitudes and
thereby confound the results [116]. To operationalise this criterion,
we excluded statements that referenced contemporary political ac-
tors, public policy debates, or issues empirically shown to map onto
partisan or identity-based divisions such as climate change [6, 109]
or vaccination [53], which are known to elicit strong affective and
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ideological responses. In line with evidence that identity-based cues
can influence judgement even in contexts that are seemingly non-
political [101], two researchers independently screened an initial
pool of candidate statements and removed any items containing
explicit or implicit ideological cues. This ensured that the remain-
ing statements would be evaluated primarily on their perceived
plausibility rather than on partisan alignment. Second, we excluded
widely debunked misconceptions, such as the Flat Earth theory,
since these are generally recognised as false and would not provide
meaningful variation in believability. Third, statements that were
non-harmful or trivial, for example, misconceptions that do not
pose risks to health, safety, education or public well-being, were also
avoided, as the study focused specifically on misinformation with
potential real-world consequences. Finally, the selected statements
needed to be plausible enough that participants could reasonably
engage with them, but not so obviously false that they would be
dismissed without consideration. Below are the statements that
we used in the study, accompanied by references to the accurate
information that was shown to participants.

e 5G is harmful to human health [27]

e MSG is an unsafe flavor enhancer that poses risks to overall
health [82]

e Microwaves cause cancer and other serious health issues
due to radiation [66]

e People can be divided as left and right brain people [85]

e Individuals learn better when they receive information in
their preferred learning style [111]

e It takes 21 days to form a habit [86]

3.1.2  Videos. The misinformation and correction videos were
sourced from content already circulating on TikTok, YouTube
Shorts, and Instagram Reels. To guide selection, we developed a
set of criteria aimed at minimising bias and ensuring consistency
across all stimuli. To avoid potential influences stemming from fa-
miliarity or perceived authority, presenters in the correction videos
were chosen such that they were not widely recognised, famous,
or easily identifiable with a specific profession. This helped en-
sure that participants’ responses were based on the content of the
message rather than the perceived credibility of the speaker. In
terms of length, videos were constrained to a duration between
30 and 90 seconds, sufficient to convey a clear explanation while
maintaining participant engagement [74]. This video length also is
typical for content found on short video platforms [25]. All videos
were screened to exclude offensive language or inappropriate mate-
rial, ensuring that content was suitable for an experimental setting.
Importantly, narration within the videos needed to provide a logi-
cal and coherent explanation that either supported or refuted the
specific misinformation statement, allowing participants to pro-
cess corrective information effectively. Furthermore, we limited
the selection to videos with low view and like counts to ensure
a minimal chance of prior exposure among participants. Finally,
videos that relied solely on background music without narration
were excluded, as the absence of verbal explanation would limit the
capacity to deliver meaningful corrections. Screenshots of some of
the videos used in the study can be seen in Figure 1. A summary
of the videos used in the study can be seen in Appendix A. Our
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Your Body's 21 Day Secret ¢’

EVERY 21 DAYS,

monosodium

(a) Misinformation Videos

&

Butit’Sa myth

(b) Correction Videos

Figure 1: Example screenshots of misinformation and corre-
sponding correction videos used in the study.

stimuli are also available to the research community!. To preserve
presenter anonymity, their faces are blurred in the shared materials,
although they were visible to participants during the actual study.

3.1.3  Overlay Design. We designed overlays to create a smooth
transition between the misinformation and corrective content and
also back to misinformation content. Rather than abruptly interrupt-
ing the misinformation video, the overlay served as an intermediate
step that prompted participants to engage with the correction at
the designated time point (Tszars, Tinig o Tenq)- Both overlays con-
tained a single button that allowed participants to navigate to the
correction video (Figure 2a) and then return to the misinformation
video (Figure 2b), as illustrated in Figure 2. To support ecological
validity, the overlays were designed with a translucent effect similar
to those commonly used in social media platforms.

The design of the overlay shown before the correction video
incorporated an icon similar to that used in Community Notes on
the platform X (formerly Twitter), in order to convey the impression
that the prompt originated from users rather than from the platform
itself. To reinforce this framing, the accompanying text explicitly

!https://osf.io/hdtac/overview?view_only=08eceddsf80a4c469cd1ac337bb02ce9
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stated that the video had been flagged by other users, rather than
by fact-checkers or platform moderators. This design choice was
informed by prior research showing that users tend to distrust
platform-led fact-checking interventions, but are more receptive to
peer-driven cues [110]. Furthermore, we used the term ‘debunking
video’ instead of ‘correction video’, as using the word correction
would have implied that the initial statement was definitively false,
potentially biasing participants’ responses. In contrast, the term
debunking framed the video as a counter-argument rather than a
predetermined judgment, allowing participants to engage with the
content more naturally.

3.2 Experimental Design

While prior work has shown that video corrections can reduce
belief in misinformation [7, 37], the question of when these correc-
tions should appear within a video remains largely unexplored. To
address this gap, we designed our experiment to examine whether
participants would be most likely to reduce perceived credibility
in misinformation when a correction was shown before, during, or
after exposure.

Since prior work already demonstrates that corrections are ef-
fective, we held their presence constant and manipulated only their
temporal placement, focusing on the relative effects of correction
timing. We therefore employed a between-subjects design with
three conditions: correction at the start, middle, or end of the video.
We first measured both pre- and post-exposure perceived credibility.
To capture pre-exposure credibility judgments, participants were
first presented with the six misinformation statements and asked
to rate their level of agreement with each. Consistent with prior
work on misinformation correction [63, 64, 112], these ratings were
collected using a 7-point Likert scale (1 = Strongly Disagree, 7 =
Strongly Agree).

When presenting corrections, we ensured that participants were
shown videos addressing the statements they found most believ-
able, as correcting claims they had already rejected would provide
little insight into credibility shift. To achieve this, we generated
an internal ranking for each participant based on their perceived
credibility scores (e.g., a statement rated 6 ranked higher than one
rated 5). The two highest-ranked statements were then paired with
corresponding correction videos, though the ranking process itself
remained invisible to participants. To proceed to the next section
of the survey, participants were required to have rated at least two
statements above 1 on the scale; those failing to meet this criterion
were excluded from the study.

The next section of the study consisted of eight short videos:
six misinformation videos and two correction videos, each ranging
from 30 to 90 seconds in length. Every misinformation video corre-
sponded to one of the misinformation statements shown in the first
section, while the two correction videos addressed the statements
that participants had ranked highest in believability. These two
correction videos were paired with their corresponding misinfor-
mation videos, based on the timing condition; Tstars, Trnig O Tend-
To minimise potential order effects, the videos were presented in a
randomised sequence in our experiment. The two correction videos
always appeared at fixed positions (2 and 5) within the sequence,
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but the assignment of which high-belief statement appeared in each
position was randomised across participants.

As seen in Figure 3, in the T4, condition, the correction video
was shown before the participant viewed the corresponding misin-
formation video. In the T,,,;4 condition, the correction video was
played after approximately 50% of the misinformation video had
been watched. In the T4 condition, the correction video appeared
immediately after the misinformation video had finished. In all
three scenarios, an overlay mechanism was used to ease partici-
pants into the transition, rather than abruptly placing the correction
video on top of the misinformation video. This design ensured that
participants engaged with the corrective content at the intended
time point without disrupting the natural flow of video consump-
tion. After watching the correction video in all three timing con-
ditions, participants were prompted via an overlay to return to
the misinformation video. They were then required to finish any
remaining portion of the misinformation video before proceeding
to the next question. The detailed design of the overlay is provided
in Section 3.1.3. To maintain a consistent level of friction across
conditions, participants in all three time conditions encountered
both overlays and always concluded by returning to the misinfor-
mation video (see Figure 3). Finally, to ensure full exposure to the
stimuli, navigation buttons were configured so that participants
could proceed to the next question only once the video(s) had fully
finished playing.

The final section of the study included open-ended questions
designed to explore participants’ perceptions of the timing of the
correction videos. Specifically, participants were asked to reflect
on the timing at which they viewed the correction, as well as to
consider the other two possible timings and how their perceptions
might have differed had the correction been presented at those
points instead.

For misinformation intervention research, it is essential to ac-
count for individual differences, such as deliberative thinking style,
which can influence the perception of misinformation and poten-
tially confound results [116]. Following past literature on misin-
formation [37, 76, 92, 94, 117], to isolate the true impact of the
interventions, we controlled for these differences by employing
both the Bullshit Receptivity Scale (BSR) [89] and the Actively
Open-Minded Thinking scale (AOT) [108].

The BSR, developed by Pennycook et al. [89], consists of 10
pseudo-profound statements incorporating abstract buzzwords. Par-
ticipants were instructed that “profound” refers to “of deep mean-
ing; of great and broadly inclusive significance” and were asked to
rate the perceived profoundness of each statement on a five-point
Likert scale (1 = Not at all profound to 5 = Very profound). We
hypothesise that participants with higher BSR scores will show a
greater tendency to believe misinformation, as a higher receptivity
to pseudo-profound statements may reflect a reduced tendency to
critically evaluate content. The AOT scale, based on the framework
by Stanovich and Toplak [108], measured the tendency to be open
towards opinions different from one’s own. Participants rated 13
statements on a six-point Likert scale (1 = Strongly disagree to 6 =
Strongly agree). We hypothesise that participants with higher AOT
scores will be more receptive to corrections than those with lower
scores. One Instructional Manipulation Check (IMC) was included
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Thank you for watching!

Click below to return to the original video

Back to video

(b) Overlay shown after the correction video

Figure 2: Overlay designs used in the study. Figure 2a shows the overlay presented before the correction video, prompting
participants to view the debunking video. Figure 2b shows the overlay displayed after the correction video, prompting
participants to return to the original misinformation video. Both overlays were shown in all three timing conditions.

in the online survey to ensure participant attentiveness [87]. Partic-
ipants were instructed to select ‘Somewhat profound’ in one of the
questions while completing the BSR questionnaire. No IMC was
embedded during the main part of the study (i.e., while participants
watched misinformation and debunking videos and provided their
ratings) to avoid disrupting the natural flow of the viewing experi-
ence. The IMC item was removed prior to computing participants’
mean BSR scores for analysis. The study procedure is summarised
in Figure 4.

3.3 Participants and Data Collection

The study was administered through Prolific?. Participants were
required to be fluent in English, to have a Prolific approval rating
above 98% and to be frequent users of short video platforms, e.g.
TikTok, YouTube Shorts or Instagram. Furthermore, participants
were limited to those residing in the United States, as TikTok report-
edly holds the largest market share in this region [118]. A minimum
of 116 participants was recommended via a G*Power Analysis [31]
considering an a = 0.05, and a power of 0.9. Hence, we recruited a
total of 120 participants (60 men and 60 women; M = 42.93 years, SD

Zhttps://www.prolific.com/

= 12.26, range = 21-83) to cover the three conditions in a balanced
manner. Participants spent a median time of 15 minutes on the
survey and received US$3 for their participation.

We used the Qualtrics platformS, which enabled controlled stim-
ulus presentation and efficient data collection from a relatively
large sample, an approach commonly adopted in misinformation
research [42]. After providing informed consent and completing
demographic questions, participants were randomly assigned to
one of three conditions. As the study employed a between-subjects
design, 40 participants were assigned to each condition: Tssart, Tinids
and T,,,4. In total, eight participants (Tszart: 2, Tinig: 4, Tena: 2) did
not progress to the video-watching section of the survey because
they failed to meet the requirement of rating at least two statements
above 1 on the pre credibility rating likert scale. Consequently, 8
additional participants were recruited to replace them.

4 Results

Each participant was shown a total of eight videos: four misinfor-
mation videos presented without any accompanying debunking
content, and two misinformation videos that were paired with

Shttps://www.qualtrics.com/
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Finish the remainder of the misinformation video

Tlflrf
- View 50% of the N
misinformation video
View 100% of the misinformation video
Tond

View remainder of 50% of the

misinformation video

Legend - @- Overlay

Figure 3: The placement of corrections and misinformation videos across the three conditions in our study. To keep the level
of friction consistent across conditions, all participants encountered both overlays regardless of timing, always ending by
returning to the misinformation video. In the relevant time condition, participants first saw an overlay indicating that the
video had been reported as containing misinformation. They were then prompted to click the “See Video” button to view the
debunking content. Upon clicking, the correction video was shown, and after it ended, another overlay appeared to allow

participants to navigate back to the misinformation video.

corresponding correction videos. We first present quantitative find-
ings on whether showing a correction video reduces perceived
credibility and whether the timing of the correction influences its
effectiveness. We then complement these findings with a qualita-
tive analysis of participants’ reflections, offering insight into why
certain correction timings were perceived as more effective.

4.1 Quantitative Analysis

We first examined the overall effect of presenting a correction
video to participants in order to assess whether the intervention
generally reduced belief in misinformation. We then analysed the
between-conditions effect of correction video timing, focusing on
whether presenting the correction at the start, middle, or end of
the misinformation video altered its effectiveness.

4.1.1  Effect of showing the correction video. We analysed the num-
ber of instances in which participants reported a reduction in belief
following the correction intervention. A belief was coded as RE-
DUCED if the participant’s perceived credibility rating after watch-
ing the video was lower than their rating before the video (i.e., post
rating < pre rating).

As shown in Figure 5, approximately 70% of responses had a
reduction in believability of the misinformation statement when
the corresponding video was paired with a correction video, com-
pared to only about 13% when no correction video was shown. This
finding indicates that participants were considerably more likely
to reduce their perceived credibility in a misconception when a
debunking video was present.

To formally test this relationship, we fitted a Generalized Linear
Mixed Model (GLMM) with a binomial distribution using the lme4
package in R. The model included CORRECTION as a fixed effect
predictor, and random intercepts for both participant ID and state-
ment index to account for repeated measures across participants
and variation across different statements. The results indicated a
significant positive effect of the debunking intervention on per-
ceived credibility reduction (f = 3.82, SE = 0.33, OR = 45.6, z =
11.55, p < .001). This suggests that the odds of perceived credibility
reduction were approximately 45.6 times higher when a correction
video was present.

4.1.2  Effect of timing. To investigate whether the timing of the
correction video had a significant effect on the reduction in per-
ceived believability, we restricted our analysis to instances in which
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Figure 4: Flow diagram of the study procedure. After completing the demographic details, participants rated the believability of
six misinformation statements using a 7-point likert scale. Following this, they were shown a series of short videos corresponding
to the same misinformation statements, with the two highest believability statement videos being paired with a correction
video. After each video, participants again rated the believability of the related statement using the same 7-point likert scale.
After completing all video segments, participants responded to open-ended questions designed to collect qualitative data about
their perceptions of the timing of the debunking videos. They also completed two additional measures: the Bullshit Receptivity
Scale [89] and the Actively Open-Minded Thinking Scale questionnaires [108]. At the conclusion of the survey, participants
were thanked for their time and provided with fact-checked links to the stimuli for debriefing purposes.
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Figure 5: Effect of correction intervention in change in belief
ratings.

participants were shown a correction video. This resulted in a total

of 240 observations (2 instances per participant x 120 participants).
After removing outliers (1% of the data), we fitted another GLMM.

Model Building: The outcome variable REDUCED was defined
as a binary indicator, representing whether participants rated the
believability of the statement lower after viewing the debunking
video. Prior research has shown that age [13, 60] and frequency of
social media use [26, 79] influence susceptibility to misinformation.
Therefore, we included AGE of the participant and frequency of
video-sharing platform UsAGE as fixed predictors in our model. We
also incorporated BSR and AOT as fixed predictors, and participant
ID and video ID as random effects in the model to account for indi-
vidual differences and potential variability associated with specific
statements/videos. Diagnostic checks indicated that there was no
multicollinearity among the predictor variables. Furthermore, the
random effects were approximately normally distributed and inde-
pendent of the response variable, supporting the appropriateness
of the model assumptions.

The results of the GLMM analysis are presented in Table 1 and
illustrated in Figure 6. As shown in Figure 6(a), corrections pre-
sented at the end of the misinformation video were most effective
in belief reduction. Compared to the T, ; condition, participants
at T,,,;4 condition were significantly less likely to reduce perceived
credibility (8 = -1.00, SE = 0.47, p < 0.05), whereas Tstqrt (B = -0.40,
SE = 0.48, p < 0.361) condition did not differ significantly from T,,,4.
Finally, we observed a significant main effect of Age (f = 0.454,
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Table 1: Fixed-effect estimates from the generalized linear
mixed model. Statistically significant main effects (p < .05)
are shown in bold. The sign of the estimate (+/-) indicates the
direction of the association: positive estimates correspond
to a higher probability of reducing believability, whereas
negative estimates correspond to a lower probability.

Predictor B (Std. Error)  p value
(Intercept)  1.496 (0.399) <0.001
Tutid -1.001 (0.471)  0.030
Tstart -0.407 (0.480)  0.361
AOTvean 0.415(0.217)  0.056
BSRytean  -0.339(0.208)  0.106
Usage -0.021(0.219)  0.922
Age -0.454 (0.226)  0.044

SE = 0.226, p = 0.044). Older participants were less likely to reduce
perceived credibility in response to correction videos, as seen in
Figure 6(b).

4.2 Qualitative Analysis

To further explore our main research question, we qualitatively
analysed participants’ open-ended questionnaire responses. The
analysis aimed to understand the participants’ perceptions about
the effectiveness of particular correction timings, and whether the
participants would have changed their perceptions about the mis-
information if the correction video had been shown at a different
time. This complements our quantitative analysis by providing an
understanding of why the video endpoint timing was most effective,
while considering the plausible benefits of other placements.

We analysed the qualitative responses using a general inductive
approach [119]. The first author began by reading the responses and
developed a preliminary set of categories representing participants’
opinions about the timing of the correction video. These categories
were iteratively refined in collaboration with another member of
the research team. Subsequently, both coders independently applied
the final set of codes back to the participant responses. We assessed
inter-rater reliability using Cohen’s Kappa, yielding a value of 0.81,
indicating strong agreement between coders [78]. Disagreements
were resolved through discussion.

4.2.1 T,pq: Out of the 40 participants who were in this condition,
34 indicated that their perceptions would not have changed had
the correction been shown at a different time. The main benefit
of end placement was that it was seen as less disruptive and more
natural, allowing participants to watch both clips in their entirety.
For example, one participant noted, “.. at the end is the perfect
place because it allows you to watch both full video clips.” (P90¢,4)-
In contrast, 5 participants felt that their perceptions would have
changed if the correction had been shown at a different time. One
suggested that presenting the correction at the start would have
been more effective, reasoning that initial exposure shapes belief:
“.. we don’t have anything as reference so people’s brains are wired
to believe that whatever they hear first is perceived to be the truth
and tend to hang on it.” (P95,,4). The remaining participant was
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Figure 6: Predicted probabilities of perceived credibility re-
duction across different predictors. Plot (a) shows the effect
of debunking time, indicating significantly higher reduc-
tions when the correction appears at the end compared to
the middle. Plot (b) shows a negative association between
age and probability of perceived credibility, with younger
participants showing higher probability of belief reduction
when exposed to correction video.

uncertain of how they might have reacted to a change in video
placement.

4.2.2 T,,;4: In this condition, 26 participants reported that their
perceptions would not have changed had the correction been shown
at a different time, while 13 participants indicated that their per-
ceptions would. One participant was uncertain of how they would
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have reacted to an alternative timing. Participants who believed
that timing would have made a difference frequently criticised the
mid-placement for disrupting the flow of content and making the
correction feel intrusive. One participant noted, “.. I really disliked
how the debunking video interrupted the video before it finished.
It made me more annoyed at the intruding video.” (P59,,;4). An-
other elaborated, ‘T think the start or end would have made it feel
more balanced, but interrupting in the middle devalued the presen-
tation that was already going on since it suggested this needed to
be corrected immediately and wasn’t worth listening to all the way
through.” (P73,,;4). Participants who preferred alternative timings
highlighted distinct advantages in both start and end placement.
End placement was valued for allowing viewers to fully process the
misinformation claim before comparing it with corrective content,
as one explained: “The end of the video is probably the best place.
This way we have all the info from the original video and then can
compare it to the information in the debunking video.” (P55,,;4). By
contrast, start placement was seen as helpful for priming a more
critical mindset during exposure to misinformation, with one par-
ticipant reflecting, “If I saw the debunking video before the first one,
I ' may think about it more during the first one and be more critical of
it.” (P49 mia).

4.2.3  Tstqre: In this condition, 26 participants indicated that their
perceptions would not have changed had the correction been shown
at a different time. A few participants (n = 3) stated that they were
unsure how their perceptions might have changed, while 1 partic-
ipant did not clearly indicate a preference. A smaller number of
participants (n=10), however, suggested that alternative placements
might have been more effective. Start placement was considered
effective for offering an immediate prompt to approach the content
critically. One participant who favored this timing explained, “no
its good in the beginning to let you know to be skeptical even if you
don’t watch it” (P25t qrt). Some disliked the start placement because
it made them focus more on the misinformation video, as one re-
flected: “.. the first video actually irritated me, and made me more
interested in hearing the second opinion.” (P6s;qr;). End placement
was viewed to offer a stronger impact, described as feeling more
“mind-blowing” after watching the misinformation video in full;
“The debunking videos might have more impact if shown at the end
because it felt more like a mind blowing video.” (P9start)-

5 Discussion

Short-form videos have emerged as an increasingly powerful vehi-
cle for misinformation due to their ease of creation and distribution,
as well as their highly persuasive nature. Traditional moderation
approaches, such as warning labels or fact-checking links, often
prove ineffective in these fast-paced environments where subtle
cues are easily ignored. Video-based corrections present a promis-
ing alternative, as they deliver factual content within the same
persuasive medium as the misinformation [37]. Yet, the impact of
such corrections may depend on their timing, as corrections and
misinformation present competing narratives, the order of exposure
can shape how viewers interpret and remember the information.
Therefore, we systematically evaluated three timing conditions to
examine whether presenting corrections before, during, or after
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exposure to misinformation differentially affects users’ perceived
credibility of false claims.

5.1 Timing Does Matter When Correcting Video
Misinformation

Confirming prior work on the effectiveness of correction videos (7,
37], our results also show that presenting a correction video re-
duces belief in misinformation. However, our findings show that
the timing of the correction plays a critical role in determining
its effectiveness. We found that corrections were most effective
at the T,,4 condition and least effective at T,,,;4. In other words,
participants who viewed the correction video after the misinfor-
mation video were more likely to reduce their initial belief in the
misinformation. By contrast, when the same correction appeared
during the misinformation video, participants were less likely to
update their beliefs, even though some reduction still occurred.

Participants favoured the T,,4 condition because viewing the
correction after the misinformation allowed them to fully process
the false content before evaluating it against the corrective infor-
mation. As prior research suggests, this positions the correction as
a form of feedback, which can facilitate learning [44]. Moreover,
prediction-error, the discrepancy that arises when new information
contradicts existing expectations, has been shown to enhance the
learning of novel facts [95]. In addition, the hypercorrection effect,
which refers to the phenomenon that high-confidence errors are
more likely to be corrected than low-confidence errors [17], may
also have played a role in our findings. In our study, corrections
were applied to misinformation that participants had initially rated
as highly believable. As a result, when corrective feedback con-
tradicted these strongly held beliefs, the element of surprise may
have promoted deeper encoding of the corrective information and
facilitated stronger belief revision [32].

In the least effective condition, T,,;4, participants were inter-
rupted during the misinformation video and shown corrective in-
formation, encouraging them to reflect on the accuracy of what
they were watching. Prior studies suggest that slowing people down
while they consume information can improve their ability to spot
misinformation [90, 102]. This is because false beliefs are often
linked to limited use of ‘System 2 thinking’, the slower, more delib-
erate mode of reasoning [91, 93]. Giving people a chance to pause
and reflect is one way to trigger this deeper processing. However,
our results show that T,,,;; was the least effective timing condition.
Video narratives can strongly engage viewers by capturing their
attention, emotions, and imagination. When a video is stopped
midway, this immersive experience is disrupted. Unlike text, which
lacks the same level of continuous narrative flow so a pause can
provide space for reflection, interruptions in video break the flow
of the story. Such disruptions may feel confusing or irritating to
viewers, as their experience is cut short, which in turn can make
them less receptive to corrective information, particularly when it
challenges their initial beliefs [103].

Prior work on the timing of corrections for text-based misinfor-
mation has produced mixed results. Some studies report that cor-
rections are most effective when delivered after exposure [12, 24],
while others suggest that timing has little to no effect on corrective
impact [97, 98]. While our findings align with earlier work, it is
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important to note that these studies on correction timing were
conducted on political misinformation. Brashier et al. [12] found
that the effectiveness of corrections did not differ between the
during and after conditions based on participants’ partisan align-
ment. They also reported that presenting the correction after the
misinformation was more effective than presenting it before or
during, even when the misinformation was politically aligned with
the participant. However, although not focused on correction tim-
ing specifically, prior work has shown that corrections can be less
effective when they challenge a strongly held belief or require
people to change their attitudes [96, 115]. Political misinforma-
tion behaves differently from apolitical misinformation as it often
connects strongly to people’s existing beliefs [8] and partisan iden-
tities [35, 57]. This makes political misinformation more persistent
and harder to correct [58, 81]. Given these dynamics, the political
nature of the content may help explain the inconsistent results
observed in text-based correction studies that examine timing.

As our study focuses on apolitical misinformation, we cannot
assume that the same timing effects would apply to political content.
Future work should directly compare political and apolitical mis-
information in video-based settings to examine whether political
identity changes how timing influences the impact of corrections,
and whether different timing strategies may be needed for political
versus non-political misinformation.

5.2 Recommendations for Misinformation
Correction Efforts on Short-Form Video
Platforms

Our findings reinforce that providing a correction for misinfor-
mation, regardless of when it is delivered, is always preferable to
providing none at all. However, we also demonstrate that timing
plays a critical role: corrections were most effective when shown
after exposure to misinformation, and least effective when shown
during it. This suggests that while debunking videos can be valuable
interventions, their impact may be maximised when platforms are
able to control when users encounter them. This raises a central
design question: how can platforms ensure that debunking
content is delivered at the most effective moment to counter
misinformation? At present, debunking videos typically circulate
independently, meaning that users might only encounter them in-
cidentally, sometimes days later, or even not at all, long after the
misinformation has already shaped their beliefs. This temporal gap
significantly undermines their corrective potential.

One practical solution is to directly attach corrections to misin-
formation videos, presenting them after the misinformation video
has finished playing. This could be achieved using a design similar
to our study, where an overlay appeared after the video to notify
users of potentially misleading content and offered the option to
view a debunking video. On real-world platforms, debunking videos
could be either algorithmically- or community-sourced. The de-
sign approach of using an overlay addresses limitations of current
moderation strategies. Warning labels are often vague and shift
effort to users, making them less effective against the emotional im-
pact of misinformation [30]. External fact-check links also disrupt
browsing and discourage engagement [38]. In contrast, overlays
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embed corrections in the same modality, providing immediate, per-
suasive alternatives while keeping users on-platform with minimal
disruption.

Recommendation 1: Platforms could implement post-
exposure correction delivery by attaching corrective content
directly to misinformation videos, ensuring users encounter de-
bunking information immediately after the misleading content
ends.

Another approach is in-feed pairing, where debunking videos
are algorithmically surfaced immediately after or alongside the mis-
information video in the content queue. This design could mimic
the “next recommended video” structure but deliberately prioritise
corrective content rather than leaving sequencing to chance. Algo-
rithmic nudging has proven to increase both recommendations for,
and consumption of, reliable news without reducing user engage-
ment [128]. Furthermore, such algorithmic adjustments have been
found to decrease belief in misinformation and promote a more
balanced information diet [68, 77]. This approach allows users to
encounter accurate information organically while, similar to the
overlay design, keeping them within the platform and reducing the
effort required to seek out corrective content elsewhere.

Recommendation 2: Platforms could implement in-feed cor-
rective sequencing by algorithmically positioning debunking
videos directly after the misinformation videos within the con-
tent feed.

However, these platform-driven approaches raise challenges
around autonomy and trust. Users may resist corrections that ap-
pear to be imposed top-down, especially given widespread skepti-
cism toward fact-checking organisations. A way forward is to lever-
age the wisdom of the crowds [114]. Social media architectures can
be adapted to incorporate user-generated signals of information
quality, giving legitimacy to corrections through collective input
rather than institutional authority. Platforms like X have imple-
mented Community Notes?, which allow users to collaboratively
add context to misleading posts, while Meta and Reddit have exper-
imented with crowdsourced credibility evaluations [20, 49]. These
initiatives demonstrate that corrections sourced from peers are
often more persuasive and better received than platform-level or
fact-checker interventions.

Recommendation 3: Platforms could enable crowdsourced cor-
rections by allowing users to easily flag misleading content, up-
vote trusted debunking videos, and reward creators whose cor-
rections receive strong community support. Platforms can then
aggregate these signals to prioritise and surface high-quality
corrective videos immediately after misinformation exposure.

A similar practice, however, has yet to be systematically imple-
mented in short-form video platforms. Given the rise of debunk-
ing videos, users are already engaging in corrective practices by
producing and sharing counter-content. Platforms do not need to
create these interventions from scratch; instead, they can provide a
“small push” by curating, aggregating, and strategically surfacing
debunking videos at the most effective moment; particularly after

“https://communitynotes.x.com/guide/en/about/introduction
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misinformation exposure. These strategies can help platforms in-
tegrate timing into intervention design, ensuring that corrections
are both effective and trusted.

5.3 Limitations & Future Work

There are several limitations to this study. First, we focused exclu-
sively on short-form video corrections and their temporal effects.
The dynamics may differ for long-form videos, where information
volume and consumption patterns are substantially different. Future
research should investigate the temporal effects of long-form con-
tent. Second, our analysis was limited to scientific misinformation.
Other domains, such as political or social misinformation, may trig-
ger distinct audience reactions. More research is needed to assess
the extent to which our findings generalise to these other domains.
Third, participants viewed videos sequentially and with more atten-
tion than typical short-form video use, which generally occurs in a
rapid and often distracted state. This design choice was necessary
to enhance experimental control. Achieving high ecological realism
is difficult without direct access to commercial platforms, access
available to only a few researchers. Future research should further
explore the timing dimension of short-form video consumption in
more naturalistic interaction environments to strengthen ecologi-
cal validity. Fourth, while we used lesser-known creators to avoid
familiarity biases, real-world misinformation often spreads through
celebrities and influencers [80]. Future work should examine how
corrections function in these contexts, particularly given paraso-
cial relationships [48], where audiences form trust and attachment
to well-known figures. These dynamics could influence how and
when corrections are received and should be explored to extend our
findings beyond the context of unknown creators. Fifth, the misin-
formation topics used in this study were intentionally selected to
be relatively benign to establish a controlled foundation for examin-
ing correction timing without the confounding influence of strong
emotional responses. However, real misinformation ecosystems
are dominated by politically and emotionally charged content [59],
which can evoke high emotionality [11] and reduce analytical pro-
cessing [73]. Future research should investigate whether correction
timing operates differently when users are exposed to high-arousal
misinformation. Sixth, since our objective was to examine the rel-
ative effectiveness of correction placement, we did not include a
no-correction control condition. Future work could incorporate a
no-correction baseline to assess absolute effect sizes and further
clarify the temporal impact of corrections. Seventh, our study drew
only from a U.S.-based participant pool, which limits the cultural
and linguistic diversity of our findings. Exploring this topic in other
countries and languages would provide a richer understanding of
how users with different cultural backgrounds engage with such
platforms. Finally, we measured pre-post credibility shift in line
with prior research on misinformation [7, 37]. However, the dura-
bility of video-based corrections remains an open question. While
work in learning suggests that delayed feedback can sometimes be
more effective than immediate feedback [16], studies on text-based
corrections show mixed results [18, 33, 98]. Future research should
therefore examine whether corrective effects in video contexts per-
sist over time and identify the conditions under which they may
fade or endure.
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6 Conclusion

Video-based corrections have consistently demonstrated effective-
ness in countering misinformation. However, little attention has
been given to their temporal effects, specifically when the correc-
tion should be presented: before, during, or after exposure to mis-
information. This dimension is crucial, as the order of information,
particularly when conflicting claims are involved, can shape how
audiences process and retain content. In our study, we systemati-
cally examined correction timing and found that while presenting
a correction is always better than not presenting one, corrections
shown after exposure to misinformation were most effective in
reducing misperceptions. In contrast, corrections presented during
exposure were least effective. These findings offer valuable insights:
platforms could directly attach correction videos to follow misinfor-
mation content, or leverage recommendation algorithms to ensure
corrective content is surfaced immediately afterward. Embedding
timing into intervention design would enable platforms to more
effectively mitigate the spread of misinformation on short-form
video platforms.
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Table 2: Summary of topics, veracity labels, durations (seconds), likes, views and number of participants who saw each correction

video.
Topic Veracity Duration Likes Views Participant
(seconds) views
Myth 58 5 238 120
5G is harmful to human health Y
Truth 60 32 988 16
MSG is an unsafe flavor enhancer that poses risks to Myth 63 2781 122.9K 120
overall health Truth 59 166 1.6K 36
Microwaves cause cancer and other serious health Myth 60 5321 210.9K 120
issues due to radiation Truth 69 677 NA 14
Individual learn better when they receive information Myth 57 5 559 120
in their preferred learning style Truth 61 156 172 32
Myth 26 70 2.4K 120
People can be divided as left and right brain people Y
Truth 48 840 843 97
Myth 31 1260 36.1K 120
It take 21 days to form a habit Y
Truth 55 25 582 45
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